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86 FR 39081 Request for Information (RFI) on an Implementation Plan for a National Artificial 
Intelligence Research Resource 

Submitted by Medical Imaging and Resource Center (MIDRC) 

Q: Roadmap for a shared research infrastructure that would provide Artificial Intelligence (AI) 
researchers and students across scientific disciplines with access to computational resources, 
high-quality data, educational tools, and user support. 
 

A: Many deep-learning AI architectures are available as open-source (on GitHub, for example), 
often including weights from pre-training on the ImageNet dataset. Thus, it is relatively simple 
for anyone to start developing an AI tool. It isn’t as easy, however, to perform a study that has 
potential clinical utility. The major hurdles to democratizing AI research are the availability of 1) 
reliable, ethically-sourced, trustworthy data, 2) computational resources, 3) education in 
proper study design, and 4) performance evaluation tools and services (including sequestered 
data). 
 
We, as the Medical Imaging and Resource Center (MIDRC; midrc.org), are responding to the RFI 
by presenting our roadmap, which we believe can be extended to benefit the scientific medical 
disciplines. We are a multi-institutional initiative currently developing new diagnostics, 
including AI/ML algorithms, and comprised of researchers from academia, imaging societies, 
private practices, government agencies, and industry. As such, we are able to leverage each 
collaborators’ existing infrastructure, processes and expertise within the medical imaging 
community, all of which already meet accepted standards of quality, security, access and 
sustainability. We serve as a linked data commons that harmonizes access to data and data 
management activities across all participating organizations at three critical stages: 1) intake, 
including curation, de-identification, harmonization, and quality assessment, 2) annotation and 
labelling of images and other data using semi-automated approaches, and 3) distributed access 
and query methods. 
 
In our domain of radiology/medical image analysis, high-quality public medical image 
repositories (data commons) are an extremely valuable resource. Several exist in the realm of 
cancer imaging, such as the Cancer Imaging Archive and the Imaging Data Commons, with the 
former also including datasets with genetic information available in the Cancer Genome Atlas. 
At MIDRC, our developing data commons is aimed at becoming the world’s largest highest-
quality repository for COVID-19 imaging and metadata, with the framework built to extend to 
imaging of other diseases.  Reducing the barriers to access to high-quality, de-identified, 
curated, annotated data levels the playing field, not only for training algorithms, but also for 
benchmark testing of different algorithms’ performance to enable translation through 
regulatory to benefit the public good. To date, MIDRC has released over 13,000 imaging studies 
to the public, with another 50,000 currently undergoing quality control prior to release; with 
currently 23 clinical sites in the contributing to releasing pipeline. MIDRC is establishing 
functionality for researchers to search the data commons and create diverse cohorts, with 
which trustworthy AL/ML algorithms can be developed.  MIDRC is also creating a sequestered 
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commons to serve as an independent source of data for assessing the performance level of 
developed AI/ML algorithms, expediting the regulatory approval process.  MIDRC is also 
conducting joint pilot studies in collaboration with non-imaging COVID-19 data repositories, to 
link imaging and non-imaging data of overlapping patient cohorts, allowing the full wealth of 
data available to be more efficiently and fully explored.  
 
Researchers without access to the computational resources required for AI applications (such 
as GPUs), or without the capability to store large amounts of data locally, would benefit 
immensely if imaging data repositories were coupled with a computational enclave for 
development and evaluation of AI tools. Such a computational enclave is currently in the 
planning for MIDRC as we begin collaborations with a national lab and various cloud computing 
companies to synergistically utilize their extensive compute power and services. 

Another focus of MIDRC is research and user-education. We are actively developing user 
resources to guide in proper study design and evaluation. MIDRC has quarterly Town Hall 
meetings and a monthly Seminar Series, allowing members of the medical community at-large 
to interact with our investigators as they discuss their current research and noteworthy 
advances.  We release regular updates on our work through newsletters and press releases, 
and provide full support to both data contributors and end users of the data through the 
Contact Us feature on our fully-operational website.  

Publicly available tools are also in development to educate users of our data on methods to 
properly design their studies and evaluate the performance of their algorithms, such as an 
interactive decision tree-type interface that guides users to various analyses methods, software 
tools, literature, and performance metrics, based on their task (such as detection, diagnosis, 
segmentation, time-to-event analysis, estimation), reference standard, and type of AI output.  

 

 

 

 

 

 

 

 

 

 

 


