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Dear Directors Parker and Parashar, 

We congratulate you on the National Artificial Intelligence Research Resource (NAIRR) Task Force’s 
recently published Interim Report,1 which we believe is a promising roadmap for substantially 
strengthening the American AI research ecosystem. We are a collection of academic AI researchers from 
universities across the country, united in our focus on techniques for building responsible and reliable AI. 
We write to address areas (a) and (c) of the Task Force’s report. The report highlights six Resource 
Elements and Capabilities that the NAIRR should include: general data, government data, compute 
resources, testbeds, user interfaces, and educational tools. We write to highlight a vital yet currently 
missing seventh resource needed to enable cutting-edge AI research, which we believe the NAIRR must 
provide: scalable interaction with humans, acquired through “data work” vendors. To ensure AI research 
moves towards building systems that are safe, accountable, and useful to humans, we must make frequent 
human interaction a ubiquitous element of AI training, deployment, and benchmarking/evaluation. 

Summary: 
● The National Artificial Intelligence Research Resource (NAIRR) should provide funding and 

infrastructure to researchers and small businesses who seek to utilize human interactions in their 
AI research, by negotiating centralized contracts with data work platforms. 

● NAIRR should work with the National Institute for Standards and Technology (NIST) and the 
Department of Labor to promulgate standards for ethical data work platforms, and identify 
vendor options that comply with these standards. 

Effectively incorporating human interaction and oversight is the next frontier of artificial intelligence. 
Despite the many breakthroughs achieved by machine learning (ML), a significant obstacle prevents its 
wider deployment in consequential applications: safety, accountability, and human compatibility. If we 
want to build ethical, safe, and accountable AI systems, we need to scalably incorporate human 
interactions into their development and deployment. 

Data worker interactions play critical roles in AI research and development. Positive human evaluations 
can serve as part of an AI system’s objective. Humans need to monitor and audit AI behaviors, and 
developing tools to enable such monitoring requires constant interaction with data workers. Data workers 
can even provide ideal behavior demonstrations for the AI systems to learn from (known as “imitation 
learning”).2 Researchers and practitioners at major companies are already widely adopting these practices, 
and they have contributed to several breakthroughs in human-compatibility of advanced AI systems.3 The 
Chinese AI R&D ecosystem similarly relies on large-scale usage of data workers in the development of 
cutting edge AI systems. Given the ways that these human-centered techniques may ameliorate or 
exacerbate the social, ethical, and safety challenges of AI systems, we do not want this research to be 
restricted to large companies. 

1 NAIRR Task Force. Envisioning a National Artificial Intelligence Research Resource (NAIRR): Preliminary 
Findings and Recommendations. May 2022 
2 Hussein, Ahmed, et al. "Imitation learning: A survey of learning methods." ACM Computing Surveys (CSUR) 
50.2 (2017): 1-35. 
3 Several major AI companies have publicly disclosed that they rely on repeated human feedback to make their AI 
systems behave more responsibly. These include Google’s dialogue system LaMDA, OpenAI’s InstructGPT and 
PALMS, and Anthropic’s HHH projects. 

1 

https://medium.com/@blaisea/do-large-language-models-understand-us-6f881d6d8e75
https://openai.com/blog/instruction-following/
https://arxiv.org/abs/2106.10328
https://arxiv.org/abs/2204.05862


             
       

             
    

        
            

       
           

            
             

             

            
                

                 
               

             
            

               
              

       

            
            

              
                

              
               

  

              
               

           

                 

             

             
     

What roadblocks prevent academic AI researchers and small businesses from utilizing data workers when 
developing AI systems, relative to their industry peers? 

● First, procuring data worker labor while providing fair pay is expensive, especially for small 
teams who cannot negotiate bulk rates. 

● Second, providing ethical working conditions to data workers is complicated, especially for 
projects that lack dedicated staff to oversee data workers. Further, academic researchers must 
further navigate time-intensive approvals from Institutional Review Boards. 

● Third, the vast majority of AI researchers do not possess the infrastructure to integrate data 
workers effectively into research workflows, or to handle routine tasks like quality assurance. 
This difference in infrastructure is dramatic when compared with the infrastructure that exists in 
the rest of the AI field, e.g. for testbeds or machine learning software libraries. 

At the same time, media reports45 indicate pervasive poor working conditions for data workers, whose 
labor plays a key role in advancing the AI state of the art. Given the increasing prevalence6 of 
crowd-work as a source of income for everyday Americans and others across the world, it is important to 
ensure that data work creates good jobs. Additionally, as academics turn to the workforce in other 
countries for data labeling (presumably due to lower costs of annotation), each group’s independently 
monitoring ethical standards can be difficult. Data workers’ efforts determine AI systems’ behavior; 
treating those workers ethically is the foundation of building ethical AI. While the tech industry is 
beginning to develop standards, the US government itself is best positioned to define standards that 
balance the interests of both companies and workers.7 

The National AI Research Resource has a unique opportunity to simultaneously address both (1) the 
difficulties of access to large-scale human interactions in academic AI research and (2) to directly 
promote a more ethical data work ecosystem. By providing academics and small businesses with funding 
for data work, and conditioning that these funds/credits can only be spent on vendors that comply with 
ethical standards drafted by NIST, the government can support the emergence of a market for ethical 
data work. In time, these standards may spread well-beyond the NAIRR and come to serve as the 
industry gold standard. 

Below, we list four recommendations that the National AI Research Resource Task Force should consider 
adopting to ensure American AI research can stay competitive on the new frontier of human-involved AI. 

4Schmidt, Florian A. "Digital labour markets in the platform economy." Mapping the Political Challenges of Crowd 
Work and Gig Work 7 (2017): 2016. 
5 “Facebook to Pay $52m to Content Moderators over PTSD.” BBC News, BBC, 12 May 2020, 
https://www.bbc.com/news/technology-52642633 
6 Strozzi, C., and M. Cantarella. "Workers in the crowd: The labour market impact of the online platform economy." 
(2021). 
7 “Responsible Sourcing of Data Enrichment Services.” Partnership on AI, 27 May 2022, 
https://partnershiponai.org/paper/responsible-sourcing-considerations/. 
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https://partnershiponai.org/paper/responsible-sourcing-considerations/
https://www.bbc.com/news/technology-52642633


           
           

        

              
           

          
            

             
                

 

          
         

  
             
        

              
               

           
         

     
         

             
         

            
             

   

                  
                 
            

              
              

 

             
     

             
           

           

              

Recommendation 1: The National AI Research Resource should engage in centralized procurement 
of “data worker” contracts (including pre-purchased “credits”) from data work platforms, and 
distribute the procured crowdworker-hours to researchers and small businesses. 

The federal government can negotiate on behalf of academic researchers and small businesses to get 
better contracts for sourcing crowdworkers to participate as subjects and collaborators in 
human-feedback-based AI R&D. There are clear benefits to centralized procurement, including 
negotiating better rates, ensuring better labor conditions for workers, and reducing the administrative 
burden for technologists unused to collaborating with data workers. One simple contract structure would 
be to purchase a minimum guaranteed quantity of data worker hours, in exchange for locking in a 
favorable rate. 

Any such contracts with data work vendors should include stipulations that: 
● The vendors receiving these contracts must comply with ethical standards as outlined in 

“Recommendation 2” below. 
● Funds should not be pre-attached to vendors, so that researchers and small businesses can shop 

around for whichever qualifying vendor best meets their needs. 
● Many AI development projects require a fixed pool of human annotators who have been provided 

with some sort of dedicated training by the research team, or who otherwise possess unique skills 
or knowledge (e.g. dermatologists). Finding such workers may be impossible on crowdwork 
platforms, and the NAIRR should provide alternative channels for researchers to identify 
these workers at their own discretion. 

● Academic researchers receiving these funds should publicly release their collected human 
interaction datasets in line with Section 4 of the White House Memo on “Increasing Access to 
the Results of Federally Funded Scientific Research”, unless otherwise prohibited.8 

Recommendation 2: The National AI Research Resource should work with the National Institute 
for Standards and Technology (NIST) and the Department of Labor to establish standards for 
ethical AI data work. 

A large US federal customer like the National AI Research Resource has the ability to set an example for 
industry, and the data work vendor industry is in dire need of clear standards to follow. In drafting 
standards that prospective contracting vendors must meet, the National AI Research Resource could 
collaborate with the National Institute of Standards and Technology (NIST) and the Department of Labor. 
There are several specific areas where formal standards would substantially improve both data quality and 
working conditions: 

● Defining tiers of hazardousness for data work, and appropriate platform precautions for each tier 
(e.g. involving labeling of violent videos). 

● Outlining best practices on the disclosure of the composition and demographics of data workers, 
especially when their contributions substantially shape the oversight of an AI system. 

● Defining tiers of data quality assurance, including rates of fraud or abuse. 

8 John P. Holdren, "Increasing Access to the Results of Federally Funded Scientific Research", February 22, 2013 
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https://obamawhitehouse.archives.gov/sites/default/files/microsites/ostp/ostp_public_access_memo_2013.pdf


            
        

                
               

           

                
               

             

            
             

            
            

             
             

            
            
                  
           

              

           
              

     

             
            

            
              
           

             
               

              
             

          
 

    

                
  

● Defining best practices on processes for recourse and arbitration between data workers, platforms, 
and data customers (like AI researchers or small businesses). 

We further recommend that NIST or another federal entity accredit and publicize the list of data work 
vendors that meet these standards. This could serve as a gold standard accreditation for private companies 
who wish to ensure the ethical compliance of their AI data work. 

There are other data work procurement practices that are difficult to standardize, but in which the NAIRR 
can nevertheless lead by example. In particular, the NAIRR can prioritize providing fair pay to data 
workers, and place special emphasis on pressuring data vendors to address human rights concerns. 

Recommendation 3: The National AI Research Resource should work with the National Science 
Foundation (NSF), Department of Health and Human Services (HHS), and the Food and Drug 
Administration (FDA) to create a set of umbrella IRB templates/pre-approvals for research projects 
that use human feedback to follow one of a set of pre-established categories. 

Institutional Review Board (IRB) reviews of human subject research are necessary for all academic 
human feedback if researchers use, study, or analyze information about living individuals. However, the 
complexity of IRB approval imposes a disincentive for unfamiliar researchers9, which limits adoption 
among researchers developing consequential AI systems which would benefit from human oversight. The 
NAIRR should work with the NSF, HHS and FDA to create a set of standard IRB templates for canonical 
machine learning data worker tasks, provided that researchers comply with pre-defined requirements. 
These agencies could also promulgate clearer guidelines on which canonical ML research tasks are fully 
exempt. 

Recommendation 4: As part of its “User Interface” resources, the National AI Research Resource 
should promote an ecosystem of tools that help academics and small businesses to automate the 
logistics of managing human feedback experiments. 

A major component of incorporating human interaction into AI systems is building the logistical 
infrastructure for handling the contributions of data workers. Many companies using data workers 
re-develop custom tools in-house, but individual researchers and small businesses cannot afford this 
overhead. A few examples include tools for managing fraud and abuse detection, and custom user 
interfaces for common data work tasks like annotating video or chatbot interactions. 

The National AI Research Resource can effectively mitigate this burden by supporting the development 
of an open-source ecosystem of tools for data work infrastructure, and allowing these tools to directly 
integrate with the NAIRR’s “User Interface”. The NAIRR should not build the tools themselves, but 
should support external open-source tool developers as was done with the successful NASA TOPS 
program10, including by standardizing application programming interfaces (APIs) for integration with data 
work vendors. 

9 Kaushik, D., Lipton, Z. C., & London, A. J. (2022). Resolving the Human Subjects Status of Machine Learning's 
Crowdworkers. arXiv preprint arXiv:2206.04039. https://arxiv.org/abs/2206.04039 
10 Transform to Open Science (TOPS) 
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https://science.nasa.gov/open-science/transform-to-open-science
https://arxiv.org/abs/2206.04039


             
               

                
            

   

 
           

  

 
        

        

  
       
  

  
        

  

     

 
          

 

We believe that providing US researchers and small businesses with human feedback will substantially 
accelerate the development of safe, accountable, and useful AI systems. We look forward to the NAIRR 
Task Force’s response, and are eager to assist further in ensuring the continued strength of American AI 
research. If you have any questions, please reach out to Yonadav Shavit (yonadav@plaintextgroup.com) 
or Divyansh Kaushik (dkaushik@fas.org). 

Signed, 

Yonadav Shavit, 
Doctoral Candidate, Harvard John A. Paulson School of Engineering and Applied Sciences 
and 
Associate, Schmidt Futures 

Divyansh Kaushik, 
Doctoral Candidate, Carnegie Mellon University School of Computer Science 
and 
Science and Technology Policy Fellow, Federation of American Scientists 

Zachary C. Lipton, 
Assistant Professor of Machine Learning and Operations Research 
Carnegie Mellon University 

Samuel R. Bowman 
Assistant Professor of Data Science, Linguistics, and Computer Science 
New York University 
and 
Member of Technical Staff (sabbatical visitor) 
Anthropic 

Kira Goldner 
Shibulal Family Career Development Assistant Professor of Computing & Data Sciences 
Boston University 
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